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Demol

Configuration Your optimized learning path is here.

already known items

machine learning
neural network

your goals

ChatGPT Machine learning

Generative artificial intelligence

Neural network

Yavhk
cos simuarity threshold .
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Submit




Demo?

Configuration Your optimized learning path is here.

already known items

sigmoid function

your goals

deep reinforcement learning .

Deep reinforcément learning

Machiné&'learning
Q-learning

Yavhk
cos simiarity threshold Learning rate Vanishihg gradient problergigmoid function

Backpropagation




Demo3

Configuration

already known items

decision tree (tree data structure)

your goals

random forests

Yavhk
cos simiarity threshold

Your optimized learning path is here.

Information gain (decision tree)

Machine learning
Statistical classification

Linear classifier

Random forest
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Alice Leonardo Da Vinci

is interested in

The Mona Lisa
N

Person 14 July 1990
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LLMs
Factual Knowledge

V
e Structural Fact + General Knowledge ﬁ\

¢ Domain-specific Knowledge s Language Processing
« Symbolic-reasoning » Generalizability
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Input Tasks

Knowledge Representation

a. KG-enhanced LLMs b. LLM-augmented KGs c. Synergized LLMs + KGs
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1R 32 & RAG (retrieval augmented generation

Artificial Intelligence

Oracle Announces General Availability of Al Vector
Search in Oracle Database 23ai

May 2, 2024 | 5 minute read
Saa Doug Hood
Oracle Al Vector Search Product Manager

ia Ranjan Priyadarshi
Senior Director, Product Management(Mission-Critical Data and Al Engines)

Oracle Al Vector Search is a novel capability that allows users to search data based on the semantics or meaning of data, in
addition to by the values of data, such as attribute values or keywords, as databases have traditionally supported.

A vector, or vector embedding, is a popular data structure used in Al applications. A vector is a list of numbers, generated
by deep learning models from diverse data types (e.g. images, documents, videos, etc.), that encodes the semantics of the
data.
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Personalized Learning Path Generation
Algorithm Based on Graph Neural Networks

Conference paper | First Online: 13 October 2024
pp 281-291 | Cite this conference paper

Graph Neural Network Z {5 > 7= 2 & /\ A D[EITE

Abstract

With the rapid development of information technology and educational resources,
traditional learning path recommendation systems are often based on students’ historical
data or resource categorization, making it difficult to fully meet the personalized needs and
ability differences of students. This study proposes a personalized learning path generation
algorithm based on Graph Neural Networks (GNNs), which can recommend the most
suitable learning paths for students based on their abilities, interests, and learning needs,
thereby improving learning efficiency and optimizing the allocation of educational
resources. This paper first constructs the model by introducing the concept and application
of GNNs, then conducts experimental comparisons with content recommendation
algorithms and collaborative filtering algorithms, and finally validates the effectiveness of
the proposed algorithm on a specific dataset. The experiments are conducted on a dataset
of 50 students from an internet education platform. The model training utilizes students’
behavioral data, interests, hobbies, and study time for training and fine-tuning. The
experimental results show that the algorithm proposed in this study outperforms
traditional content recommendation and collaborative filtering algorithms in terms of
recommendation accuracy, recall rate, and F1 score. This research provides theoretical and
practical guidance for the design of personalized learning paths in the direction of online

education.
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Computer Science > Computation and Language
[Submitted on 14 Oct 2023 (v1), last revised 16 Jun 2024 (this version, v4)]

Instruction Tuning with Human Curriculum
Bruce W. Lee, Hyunsoo Cho, Kang Min Yoo

In this work, we (1) introduce Curriculum Instruction Tuning, (2) explore the potential advantages of employing diverse curriculum strategies, and (3) delineate a synthetic
instruction-response generation framework that complements our theoretical approach. Distinct from the existing instruction tuning dataset, our generation pipeline is
systematically structured to emulate the sequential and orderly characteristic of human learning. Additionally, we describe a methodology for generating instruction-response
datasets that extensively span the various stages of human education, from middle school through the graduate level, utilizing educational subject catalogs.

Before training, we meticulously organize the instruction data to ensure that questions escalate in difficulty regarding (A) the subject matter and (B) the intricacy of the
instructions. The findings of our study reveal that substantial improvements in performance can be achieved through the mere application of curriculum ordering to instruction
data (achieving gains of +4.76 on TruthfulQA, +2.98 on MMLU, +2.8 on OpenbookQA, and +1.28 on ARC-hard) compared to random shuffling. This enhancement is achieved
without incurring additional computational expenses. Through comprehensive experimentation, we observe that the advantages of our proposed method are consistently

evident across nine benchmarks.

Comments: NAACL 2024
Subjects:  Computation and Language (cs.CL); Artificial Intelligence (cs.Al); Machine Learning (cs.LG)
Cite as: arXiv:2310.09518 [cs.CL]
(or arXiv:2310.09518v4 [cs.CL] for this version)
https://doi.org/10.48550/arXiv.2310.09518 @

e ABNERDERUAY F2 S5 ALADIETLLMZIRZ S & ERED ]
F9zEVWSRE

e HLINMEELS, S FEZ F£learning path®F iz LLM I —
VIV NCESEBZETEE/INN A ZRBELTESAEEENH S

Instruction Tuning with Human Curriculumh* 5 5|


https://arxiv.org/abs/2310.09518

x &

e Wikipedia® 7T —% Zfllc,. FHE/INAZBRIBZYVINIVIT %
AR L. DRI ZEN

o MY Y 7 DIBER LIFKE RERE
= AR ORE R &




Z Dif3TIEBeyondAl
REZEZIFTTWEXT

ExBUTCY I RNNNVIDSES

5
o
E’E
s

IH R B HH%E
EHIcERBIBFR
BRIVISZTICED TEHTENIE S RANBLIEEZRDIFELS !

FRERLHS >

SoftBank  Axross Recipes 12V 7 kiS22 )L —FHEEESIEE VT RN LA/ AUF v — (SoftBank Innoventure) | THEE(LRIRES N, 15 LFY—EILBDET,

About

Axross RecipeZ & ?

TRAEDERTEBRVAZES LV LVWSHLOHE, IVSZTFD/INY
ZLYECWSHAIYTFOYTRETE TSy F 74 —LTY, RBLIYSZ7
B'LOE"ZBLICFEHD LENSEETZLHTE, R/I VS TRITREL
LTLoE 22T 3 C L THREPHEZEZ LD TEXT,

ARHA : (K) CMSOZI 2= —Y 3>V X, (fR) DEHH




