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FIGURE 1. Numiler of probuble cases of seuere aculy respiralery svodrome ™ Ly Jabe of lewer onsel anc reporbed source of
infeclion — Sinyapore, February 25-Ao-il 30, 2003
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FIGURE 2. Probable cases of severe acute respiratory
syndrome, by reported source of infection* — Singapore,
February 25-April 30, 2003
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* Patient 1 represents Case 1; Patient 6, Case 2; Patient 35, Case 3; Patient
130, Case 4; and Patient 127, Case 5. Excludes 22 cases with either no
or poorly defined direct contacts or who were cases translocated to
Singapore and the seven contacts of one of these cases.

Reference: Bogatti SP. Netdraw 1.0 Network Visualization Software.

Harvard, Massachusetts: Analytic Technologies, 2002.
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NetworkX

Stable (notes)

2.1 — January 2018
download ' doc | pcf

Latest (notes)

2.2 development

github | doc | pdf
Archive

Contact

Mailing list

Issue tracker
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Networkx 2> & #l]

Software for complex networks

® »

o 8]
NetworkX is a Python package for the creation,
manipulation, and study of the structure,
dynamics, and functions of complex networks.

o ]
o]
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Features

« Data structures for graphs, digraphs, and multigraphs

» Many standard graph algorithms

» Network structure and analysis measures

» Generators for classic graphs, random graphs, and synthetic networks

« Nodes can be "anything" (e.g., text, images, XML records)

» Ldges can hold arbitrary data (e.g., weights, time-series)

« Open source 3-clause BSD license

« Well tested with over 90% code coverage

« Additional benefits from Python include fast prototyping, easy to teach, and multi-
platform

©2014-2018, NetworkX developers. | Powered by Sphinx 1.6.6 & Alabaster 0.7.10
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